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Artificial Intelligence will reshape business

Prominent technology & thought leader’s - perspective

“Artificial intelligence and generative Al may be the most

“Artificial intelligence, deep learning, machine learning — ) hnol lifetime.”
whatever you’re doing if you don’t understand it — learn it. important technology of any lifetime.
Because otherwise, you’re going to be a dinosaur within three )

» Marc Benioff, CEO of Salesforce
years.
Mark Cuban

“Al leadership requires a
comprehensive roadmap

“The playing field is poised to become a lot more competitive, and grounded in strategy,
businesses that don’t deploy Al and data to help them innovate in process, data, and people.

everything they do will be at a disadvantage.”

7

Shobhit Varshney, VP at

Paul Daugherty, Accenture IBM Consulting
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Al VARIANTS

A subset of artificial
intelligence that learns
patterns from existing data
to make predictions or
inform future outcomes

Powered by large models that learn
the underlying structure of training
data to generate new, synthetic
outputs

(ex. ChatGPT)

Artificial Intelligence

Any technique that allows computers to mimic human intelligence
using logic and machine learning

Machine Generative Al
Learning (GenAl)
s, Deep Artificial
Machine General
Learning Intelligence
(DL) Al (AGI)

A subset of machine learning that
uses neural networks to learn
pattern representations and
features for complex pattern
recognition

Al Concepts

A hypothetical form of Al capable
of understanding, learning, and
applying knowledge at a level
equal to or surpassing human
abilities

Large Language Model (LLM),

model that excels at processing
2025 GE Vernova and/or its affiliates. All rights reserved. and generating human language



Machine Learning

o Ingest Data/Data Intensive — Machine Learning systems a
trained using historical data—this could be customer behavior,
production metrics, or financial trends.

o Learn Patterns — The model identifies patterns and
relationships within the data that are too complex or subtle for
humans to spot reliably.

o Generate Predictions — Once trained, it can predict outcomes,
classify information, or optimize decisions—improving
efficiency, accuracy, and scalability. Giving you “The What If”
scenarios

Can be trained on almost any data, and can be local to
your facility
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Generative Al using LLMs

Allows us to interface using natural language
Can be trained on specific data
Can be built into software solutions

Greatly reduces to need for learning
programming languages (Python, SQL, etc.)

© 2025 GE Vernova and/or its affiliates. All rights reserved.

Cream and Crystal Blue

Beneath Tahoe’s sky so bold and blue,
Creamery hearts return, tried and true.
From dairy farms both far and near,

They gather with purpose, year to year.

They speak of milk, of churn and trade,
Of cheeses cut and butters made.

With pride they share, with care they grow,
Their legacy in every flow.

Beneath the pines, beside the blue,
The cream of California comes shining through.

Churned with a little help from ChatGPT-40
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It’s not just “turning on” Al...

DEFINE THE
OUTCOME

Start with a clear, high-
impact use case.

Reducing downtime
Improving yield
Enhancing supply chain
visibility

Improving Quality

2025 GE Vernova and/or its affiliates. All rights reserved.

COLLECT THE RIGHT
DATA

Ensure high-quality,
relevant data is available
and accessible.

The foundation of effective
Al is data that is:

* Clean

* Labeled

* Contextualized

INTEGRATE THE Al
MODEL

Select or develop a model
tailored to your use case.

Integrate it into existing
systems or workflows to
deliver real-time insights.

Use OT friendly tools in

manufacturing

* Finance

* Continuous
Improvement

* Process Engineer

Build into your culture

Operationalize
and Scale

* Deploy into production
* Monitor performance
* Retrain as needed

Expand to new areas—
turning one success into an
enterprise capability.

GE VERNOVA
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Use Cases

Prioritize Outcomes — and ask the right question

Value

Asset Efficiency

e —
Volume . .
) / Price / Quality Reduce COGS
Capacity
Product Innovation Quality Assurance el & kel Productlo'n B
Usage Savings
MERD RN Price Optimization Energy Cost Asset Availabilit
Throughput P gy ¥
Material Costs & Inventory & WIP
Waste Control

Improvement levers

359 83:¢
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Brand protection

P —— s a—
Operational SuppIY 'Chaln Governance
Excellence Agility

Customer
Satisfaction

Sustainability
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Use Cases

RUN-TO-TARGET
(CENTERLINING)
e
PREDICTIVE | ) \’
DOWNTIME aN = ;
A My = 4"\°‘ il _

e PROCESS
OPTIMIZATION

| T—
// \\

What is the’value of 10% impraovement?
> | ¢
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A run-to-target approach continuously learns golden .
RUN-TO-TARGET getapp Y 8 GE VERNOVA

targets and limits (min, max) that, if adhered to, ensures
(CENTERLINING) quality production

Example:

Goal: Stabilize temperature in evaporator and increase
density of product from evaporator

v" Monitor Control Loops
v" Root cause of deviations

v Benefit Estimation (What-If)

sity_of_product_from_Evaporator

380,000
360,000 4 -4

nnnnnn

=lDensity increase of 4% when steam}
| and feed are optimized ;
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A predictive downtime approach uses ML to learn GE VERNOVA
patterns from past downtime events, and provide early )

warning of future downtime events so they can be
prevented

Example:

Goal: Reduce machine downtime by predicting failures in advance

o\ GE Vernova

Critical Unit Predictive Downtime Selected: Line B

Monitored_ For Predictive Downtime Experiepcing Downtime Predictiye-Downtime rv.'lonitoring Predicted Impa_ct Critical Unit
v" Train model on historical root cause analysis with faults given by 24 Units 4Units 3 Critical Units 2 Downtime

automation and operators
m cﬂueal “.alm Machines Without Impact
H ; I Machines Dowtime Impact

v Include sensor data in the model (pressure, flow, temperature, speeds, | ‘¢ : ==

etc.) to predict mechanical failures

v Alert operators and operations to service specific equipment before it
drifts out of calibration or fails

© 2025 GE Vernova and/or its affiliates. All rights reserved. 13



PROCESS Process Optimization uses ML and historical data to help GE VERNOVA
simulate, predict, and recommend adjustments for future

OPTIMIZATION process runs.

Example:

Uses machine learning to predict outcomes of a process
Allows “what-if” scenarios to test adjustments
Improve throughput, yield, quality & efficiency

More efficient energy consumption

D N NI N NN

Less waste and re-work

Optimize Process
Performance

Before After

Specification

n limit
A \ [\ Mnn
PV
Reduced Product Waste 75%
. ) Large food company
© 2025 GE Vernova and/or its affiliates. All rights reserved.

Process Performance KPI




NATU RAL LANGUAGE Natural Language Processing (NLP) is a form of GenAl and GE VERNOVA

uses large language models (LLM) to allow natural

PROCESSING language queries into your process

Example:

“Build me a dashboard to show performance differences between my two filler lines, and help
me understand why one is better than the other”

Map Satellite | v Legend

v' Uses your data 3 »
0 istanbul
v' Uses your natural language to query data Ty S ,} oo
i Konya Z ® Windspeed
v’ Builds dashboards and reports using GenAl e
v Drastic reduction in analysis time ot ]‘
v Eliminates needs for specialized data team s ;@
a Egypt
GOOQ'?wmmhmm Mp data 2021 GeoBasisDE/EKE (22009), Gaogle, I K
Q searcn AlTafila/Windspeed AlTafila/Heat-Rate AlTafilaMegawatts AlTafila/Uptime

Time Name

Value
2021-09-28T19:50:19 ATafilaindspeed _
2021-08-28T15:50:00 AlTafla/Uptime 151426734375
2021-09-28T14:38:30 ErbilMegawatis _
4 O (y - - - - 2021-09-28T14:37:00 DuhokMegawatis 172343 600375 .
O_t I m e S a V I n g S u S I n g g e n e ra t |Ve 2021-09-28T14:36:30 DuhokMegawatts 119559 87576 35426 68831
0 200000 0

2021-00-28T14:35:30 ErbilMegawatts 200000 o 200000 0 200000
d a S h b O a r d S 2021-09-28T1435:00 Suiminayah/Megawatis
2021-09-26T14:29:00 ErbillUptime
Keitoto Studio 2023 2021-09-28T14:28:30 DuhokiHeat-Rate
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Final Thoughts

* Outcome: start with an outcome in mind and be specific

* Data: you have data and just need to make sure you
capture it and put it in context

* Existing talent: you have people today that can utilize Al
and it's only getting less sophisticated to use

* Use cases: be creative and implement for your own use
case

“The playing field is poised to become a lot more competitive,
and businesses that don’t deploy Al and data to help
them innovate in everything they do will be at a
disadvantage.”

Paul Daugherty, Accenture
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